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Abstract: Searching Keyword is a spontaneous method for searching linked data sources on the web. We suggest to route keywords
only to related sources to reduce the cost of searching keyword queries over all sources. The new method is proposed for computing top-
k routing plans .We employ a keyword-element relationship graph (KERG) that shows relationships between keywords and elements . A
multilevel scoring mechanism is proposed for calculating the relevance of routing plans which depends on scores at the level of
keywords, data elements, element sets and subgraphs that connect all this elements.
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1. Introduction

The web is a collection of textual documents and also a web
of connected data sources .It is somewhat difficult for some
web users to extract this web data by means of structured
queries using various languages. To this end, searching
keyword has proven to be intuitive. As inspite of such
structured queries, no special knowledge of the query
language, the schema or the underlying data are needed.
Query processing over graph-structured data is growing
number of applications. A top-k keyword query search on a
graph finds the top k answers, where each answer is a
substructure of the graph containing all query keywords in
database search, solutions have been given, which gives a
keyword search, retrieve the most applicable structured
results or simply, select the single most relevant databases.
However, these approaches are single-source solutions. They
are not directly relevant to the web of Linked Data, where
results are not tied by a single source but might complete
several Linked Data sources. As linked data contains
hundreds of sources which further contains billions of RDF
triples, which are connected by many links. While various
links can be established, the one which is frequently
published are sameAs links, which shows that two RDF
resources represent the same world object or it is related to
each other. As opposed to the source selection problem,
which is focusing on computing the most relevant sources,
the problem here is to calculate the most relevant
combinations of sources. The goal is to produce routing
plans, which can be used to compute results from multiple
sources.

The intention is to solve the problem of routing keyword
query search over a large number of structure and Linked
Data sources. Routing the keywords only to relevant sources
can diminish the high cost of searching for structured results
that span multiple sources. Existing work uses keyword
relationships (KR) individually for single databases. We
shows the relationships between keywords and data
elements. They are build for the entire collection of linked
sources, and then grouped together as elements of a compact
summary known as the set-level Keyword-Element
Relationship Graph (KERG).

The approach will show that when routing is applied to an
existing searching keyword system to prune sources,
substantial performance gain can be achieved.

2. Literature Survey

V. Hristidis, L. Gravano, and Y. Papakonstantinou, propose
G-KS, a method for selecting the top-K candidates based on
their potential to contain results for a given query. G-KS
summarizes each database by a keyword relationship graph,
where nodes represent terms and edges describe
relationships between them. Keyword relationship graphs
are utilized for computing the similarity between each
database and a KS query, so that, during query processing,
only the most promising databases are searched.

Y. Luo, X. Lin, W. Wang, and X. Zhou, proposed the study,
of the effectiveness and the efficiency issues of answering
top-k keyword query in relational database systems. Here,
proposed a new ranking formula by adapting existing IR
techniques based on a natural notion of virtual document.
Compared with previous approaches, the new ranking
method is simple and effective, and agrees with human
perceptions. Here, also study efficient query processing
methods for the new ranking method, and propose
algorithms that have minimal accesses to the database.

Hao He, Haixun Wang, Haixun Wang, Philip S. Yu,
proposed BLINKS, a bi-level indexing and query processing
scheme for top-k keyword search on graphs. BLINKS
performs a search strategy with provable performance
bounds, while additionally exploiting a bi-level index for
pruning and accelerating the search. To diminish the index
space, BLINKS partitions a data graph into blocks: The bi-
level index stores summary information at the block level to
initiate and guide search among blocks, and more detailed
information for each block to accelerate search within
blocks. BLINKS offers orders-of-magnitude performance
improvement over existing approaches.

B. Ding, J.X. Yu, S. Wang, L. Qin, X. Zhang, and X. Lin,
proposed It is widely realized that the integration of database
and information retrieval techniques will provide users with
a wide range of high quality services. In this paper, we study
processing an | keyword query, pl; p2.... pl, against a
relational database which can be modeled as a weighted
graph, G(V;E). Here V is a set of nodes (tuples) and E is a
set of edges representing foreign key references between
tuples. Let Vi_ V be a set of nodes that contain the keyword
pi. We study finding top-k minimum cost connected trees
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that contain at least one node in every subset Vi, and denote
our problem as GST-k. When k = 1, it is known as a
minimum cost group Steiner tree problem which is
NPComplete.

3. Proposed System

We adopt a graph based model to characterize individual
data sources. In this model, we distinguish between an
element level data graph showing relationships between
individual data elements and a set-level data graph which
captures information about group of elements. It mainly
consists of following models:

Element Level Data Graph: This model collects Resource
Description Framework data where entities stand for some
RDF resources, data values stand for Resource
Description Framework literals , and relations and
attributes correspond to RDF triples.

Set-level Data Graph: This set-level graph actually
captures a part of the Linked Data schema on the web that
are represented in RDFS, i.e., relations between classes.
Often, a schema might be incomplete or simply does not
exist for RDF data on the web.

Routing Keyword Query: The problem of routing keyword
query is to find the top k routing keyword plans based on
their relation to a query. A relevant plan should
correspond to the information expected by the user.

The proposed system is divided in following modules:
Load Dataset: The data which we are going to use are
drawn from data sets which is prepared from Billion
Triple Challenge (BTC).BTC data set are split into chunks
of 10M statements each. Normally, this chunk of data
contains less than 3K RDF triples.

Convert to N-Quad Triplet: The chunks are converted in
RDF triplet form .

Index Structure: During the index building process ,we
counted the number of keyword relationship i.e all pairs of
keywords that are connected over a maximum distance.
KERG: From the index structure, the KERG counts the
element level keyword element relationships. Here, we
consider a no. of relationship in Keyword Element
Relationship Graph , it is built to capture all valid plans,
the scoring mechanism is designed to focus on relevant
plans.

Routing Plan: The Routing Plan is computed by using the
ComputeRoutingPlan . For obtaining the complete routing
plan it is necessary to join all the relevant keywords.

4. Result

4.1 Keyword Search

A keyword query is processed by mapping keywords to
elements of the database (called keyword elements). Then,
using the schema, valid join sequences are derived, which
are then employed to join (“connect”) the computed
keyword elements to form so-called candidate networks
representing possible results to the keyword query.

Keywaord Query Routing

Step: Search Keyword

Search Kayword |33 Saarch

Keyword Query Routing
Stap1: Soarch Keyword |

| Saarch Kiyword Saarch

Figure 1: Keyword to be searched

Keyword Query Routing

Step1: Search Keysord |

Search Keyword | a3 Suaich

Figure 2: ]Eelevémt R_esult after _searchin_g

Structured results are computed by exploring the underlying
data graph. The goal is to find structures in the data called
Steiner trees (Steiner graphs in general), which connect
keyword element When the keyword is entered for
searching ,if that keyword is present in keyword table it will
directly display all the keyword routing plans and if it is not
present it will show that keyword is not present.

5. Conclusion

We presented a solution to the problem of routing keyword
query search. Based on showing a view of the search space
as a multilevel inter-relationship graph, it proposes a
summary model that groups keyword and element
relationships at the level of sets, and developed a multilevel
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ranking scheme to incorporate relevancy at different
dimensions.
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