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Abstract: Artificial Intelligence has proven itself to be a transformative driver across all industries, it has reshaped the traditional
processes improving efficiency and speed of day to day operations. Its capabilities in large scale data analysis, predictive modelling and
recognition of patterns have made it an indispensable tool for many organizations and increased their productivity up to a great extent.
This study aims to analyse how Al integration in strategic decision-making processes has enhanced the business strategy making
evolved and error firee. This study also consists of a case study of COiIN platform used by JP Morgan which illustrates how this Al
integration has strengthened and improved the decision-making process and how businesses are leveraging Al technologies to achieve
sustainable growth and is evolving continuously. The findings of this study suggest that while AI has significantly improved the
operational efficiency of businesses and has given them a competitive edge, but security, algorithm bias and readiness must be addressed

and taken care of before any successful implementation.
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1. Introduction

Today’s businesses can survive today only if they have the
capability to make data driven decisions based on current
scenarios and fast moving trends. Strategic decisions based
on relevant data shape the structure of an organization. With
the constant enhancement of Al in this world if
organizations can mobilize the potential of Al and associate
it with their business strategies, they can achieve insights on
a level that was never humanly possible to achieve (Cascio
& Montealegre, 2016). Organizations can improve the rate
of decision-making process and strategy making by 150-
300 % which is a lot faster than using conventional human
decision making. This unification with Al has made the
strategy-making process highly precise, quick, efficient and
highly dynamic (Chamorro-Premuzic, Winsborough,
Sherman, & Hogan, 2017; Huang & Kuo, 2020).

The purpose of this paper is to deduce how Al tools can be
integrated with strategic decision-making processes and how
it can be very useful for businesses. The use of Al tools such
as NLP, Machine Learning Algorithms complex datasets can
be made easier to analyse and response strategies can
accordingly be created and efficiency can be improved up to
a great extent (Glikson & Woolley, 2020; Nishikawa & Bae,
2018).

Another thing to consider which is one of the most important
factors is how Al tools are different from traditional human
work (Sestino and De Mauro, 2022). Not only they have
increased the speed with which results are obtained but has
made interpretation of complex markets and datasets easier
(Sharma & Kaur, 2019; Rajesh et al., 2021).

On one hand Al has its advantages, but it comes with its set
of disadvantages too, which if not addressed, this integration
may have adverse effects. Ethical considerations, logic
checks, appropriate data research, and security threats are
something which cant be overlooked for a successful Al

integration for any business (Ariyo et al., 2022; Kshetri,
2020).

1.1 Research Objective

The objectives of this paper are as follows: -

1) The interpret and analyse the role of Al in decision
making process in current scenario: Al is excelling at
a high rate and a lot of useful tools and algorithms are
available today in the market, this paper tends to
understand how they can be utilized successfully in
strategic decision- making processes and make them
highly efficient Rane et al., 2024).

2) To identify the key applications of Artificial
Intelligence in  strategic  planning: Various
applications of Al are widely used in the decision-
making process such as predictive analysis, automation,
sentiment analysis etc. They have proved to be highly
efficient in the strategic plannings and has benefitted
significantly in formulating effective strategies
(Chatterjee et al., 2021; Huang & Rust, 2021; Kumar et
al., 2022).

3) To assess the benefits and challenges of using Al as a
key component in business strategy: Even though Al
can be used to make any process efficient and faster, if
not used wisely and correctly, it can have its downsides
(Chopra and Kaur, 2025; Mahmood et al., 2023). These
challenges must be thoroughly examined before
integrating it with any decision-making process.

1.2 Scope

This study aims to achieve the following objectives:

1) To identify what role Al can play in strategic decision-
making processes and key enhancements and efficiency
it can give to organisations.

2) To evaluate areas where Al integrations are proving to
be highly effective like human resources, customer
interactions, data analysis and supply chain.
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3) To analyze the security risks, challenges and blockers
that an organization may face whilst adopting Al as its
primary tool.

Al plays a wide range of roles in strategic decision making
across many different domains, including marketing, supply
chain management, risk management, customer relationship
management, chatbots, historical data analysis, and
predictive analysis (Choi & Ji, 2020; Jain & Tiwari, 2020).
Businesses can truly obtain a competitive edge in the market
by concentrating on these areas, which offer helpful insights
on how to improve company performance.

The segmentation of Al in strategic decision making is
highly vast and can be categorized in multiple domains, it
may be used in marketing, risk management, supply chain
management, customer relationship management, chatbots,
analysis of previous data and predictive analysis (Hawkins

& Manville, 2019; Kshetri, 2021; Liu, Yang, & Wang, 2020).

Focusing on such domains provide useful insights on how
company can perform better and businesses can really gain a
competitive edge in the marketplace.
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Figure 1: Al integration in various domains

Figure 1 tries to describe how vast Artificial Intelligence has
enhanced, and in how many various domains Al is being
used. It shows the diversified uses of Al Tools and
algorithms in health sector, in financial services, in
manufacturing etc. Its surprising yet very noticeable that all
these domains are significantly different from each other yet
all of them are using Al for enhancing their own fields!

All industries have gained a competitive edge from the use
of Al tools; customer satisfaction has increased dramatically,
and procedures are now quicker and more effective (Sestino
and De Mauro, 2022; Jarrahi, 2018). Al in these fields is not
only effective, but it also fosters a culture of continuous
development because well-designed algorithms learn from
their mistakes and get better over time (Dwivedi et al., 2021;
Berman, 2019). Other benefits of Al include the ability to
automate all routine tasks that were previously completed by
hand and took a lot of time. For instance, chatbots on
websites have made life much easier and are used to answer
general questions that are simple for any customer, saving
time and manpower compared to calling customer service
and answering a question.

With the globalization and enhanced complexity of
operations that are happening all around the world, the role

of Al is expanding as well (Kameda et al, 2022). The
immense applications and accuracy of Al tools has made
decision making for these businesses effortless and highly
efficient. The amounts of work which used to take a lot of
effort or days of manual labour can be done in seconds, that
too in a more efficient and precise way. The role of Al in
each sector is reshaping the way businesses work and it is
nothing sort of revolution and not using it would be staying
a bit behind from competitors (Bag et al., 2021).

2. Literature Review
2.1 Historical Context

Let's focus on how Al evolved with time, including its
adoption into our lives, before looking at how it is used in
the business world today. Earlier, choices were primarily
executed manually using rudimentary calculations and logic.
To formulate a strategy, there was a reliance on skill and
luck, and even when attempts were made to apply certain
methods, they tended to be too simplistic in nature which
made them ineffective for intricate datasets and scenarios.

The process clearly underwent a transformation with Al
coming in. The development of efficient machine learning
algorithms, as well as the introduction of neural networks
and natural speech processing technology, made complex
applications effortless and substantially more accurate
(Bansal, Nushi, et al., 2021; De et al., 2020; Wilder et al.,
2021). Together with the changes in computing technologies,
the processes of strategic decision-making have also become
significantly more effective. Comparing pre-Al and post Al
conditions showcases Al's potential for business and
industry operations that have numerous complex dilemmas
to solve.

2.2 Key Studies

1) Use of Machine Learning in Predictive Analysis:
Predictions are integral part of any decision making process,
if prediction can be done using appropriate analyses and
previous data, strategies and decisions can be made
efficiently. Earlier, the prediction analysis was done on
previous experiences and results and accordingly the
decisions were made so that company can handle any
impromptu situations a company may face. Machine
learning models and Al Integration has made this job very
easy. The models use datasets and can generate trends
accordingly which gives accurate forecasts and predictions
quickly and with high precision (Vaishya et al., 2020). These
algorithms also consider other important factors such as
famines, news, trend shifts etc. which could have an impact
on the business. These algorithms have a high useful value
and it helps in the Al assisted decision making. Some of the
major applications are customer segmentation, demand
forecasting, pricing strategies, trend shifts and product
enhancement ideas.

2) Use of AI in Financial Decisions: The Financial sector
requires an intensive amount of data manipulation and
statistic analysis, analysis of patterns and a lot more. With
efficient use of Al tools and algorithms these detections and
trends can be analysed very easily and anomalies can be
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detected. According to some reports by Deloitte, Al driven
financial tools have significantly improved these
assessments (Vodrahalli et al., 2022; Y. Zhang et al., 2020).
Fraud detection analysis, credit risk assessments and fall and
rise patterns can now be detected using Al which is highly
beneficial for any financial service providing business.

3) Enhanced Operational Efficiency: There are a lot of
operations that are needed to be done on a repetitive basis,
which if automated will enhance the operations a lot. That’s
where Al comes in. Organizations can do new thing due to
the plentiful availability of automation tools. Ease and
rapidness abound, and business can be performed more
efficiently (Davenport et al., 2020; Shankar et al., 2021).
Bots are meant to save effort; results are obtained promptly
and greatly increase the return on investment of the time
saved. The best automated system is the email system,
whereby emails can be programmed to send to specific users
based on chosen actions instead of typing out emails and
sending them one by one. An excellent example of a resume
analyser automates rejection and selection by relevance and
keywords. Now, a recruiter does not scan countless received
resumes by an organization; instead, reviews a select few.

The Evolution of Artificial Intelligence
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Figure 2 tries to show how Al has evolved over a few years.
The first step is to assist humans in some tasks, if a task was
repetitive and recurring in nature, these Al tools were used
to assist in the processes. This was the first step to automate
recurring processes. The second step was augmented
intelligence, where Al can handle a variety of tasks, but
instructions were given by humans and accordingly the Al
produced results Bose & Mahapatra, 2021; Chen et al.,
2020). These Al tools were somewhat autonomous but still
decisions were in hands of humans. Now we are evolving
towards autonomous intelligence where even with changing
nature of tasks, automated decisions can be made by Al. The
machines keep on learning from its previous mistakes and
improve itself, continuous training and testing of the model
used is involved its highly efficient and human-like.

3. Theoretical Frameworks
3.1 Key Theories

Here are some primary theories that come into play when Al

is used for decision making in a business setting:-

1) Systems Theory: This theory focuses on creating
algorithms with increased efficacy in integrating
different business systems (Jobin et al., 2019; Floridi et

al., 2020). It assists in establishing connections among
different parameters within these systems, thereby
facilitating the development of multi-faceted business
optimization strategies.

2) Decision Theory: - Al uses many datasets and models to
execute strategic planning decision making by
considering resource quantities, risks, and forecasts.
Subsequently, it uses these elements to develop an
optimal strategy through probabilistic algorithms which
improves the decision- making process.

3) Game Theory: This theory focuses on businesses
markets with high competition and it uses Al agents as a
tool to stay competitive in market. The Al agents create
simulations based on real life situations and accordingly
strategy is devised to find potential problems that may
occur in future (Brynjolfsson & McAfee, 2017; Porter &
Heppelmann, 2014).

4. Conceptual Model: Using Al in Strategic
Planning

Through various stages, Al is integrated with traditional
ways of strategic decision planning cycle to embrace the
decision- making process. These stages are as follows:

1) Analysis of Data: In this step, significant datasets
relevant to the decision are collected. Data is processed
depending on what type of analysis is useful in the
decision making. Relevant information has to be
collected and synthesized carefully in order to achieve
reliable results.

2) Generation of Insights: The dataset, once collected, can
be analyzed using algorithms to detect patterns in the
data set and make predictions. For example, season-
specific customer purchasing behavior can be analyzed to
try and planning future purchasing behavior.

3) Formulation of Strategies: Effective strategies can be
formed using prescriptive models from the previously
collected insights. After the analysis, it is necessary to
derive business strategy recommendations with the
support of relevant Al.

4) Adaptation and Monitoring Strategy Perpetually:
Data is never static; feedback and data should always be
monitored and in some cases, re-evaluated. Al is very
well suited to put these new conditions into practice,
which leads to better strategic decision-making.

4.1 Application of Frameworks

The frameworks which are mentioned can be applied
depending on various situations and the type of business it’s
being utilized for. By accurate analysis of datasets, choosing
correct algorithms, integration of Artificial Intelligence in
business systems can yield efficient results. Efficient
Strategies and plans can be crafted which are not only data
driven but are constantly adaptable, and successful
integration of Al for strategic decision making can be done
efficiently.

4.2 Applications in Business Strategy
A) Market Analysis: Al tools are widely in use for market

analysis, assisting in trend spotting, and ascertaining a
product’s success or failure to optimize necessary measures.
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Businesses today can optimize their strategies with advanced
tools such as predictive analytics, natural language
processing, and machine learning since NLP gives
actionable insights that help inform strategies based on
current market conditions.

An interesting Al application in market analysis is the use of
Algorithms for Sentiment Analysis. Social media and news
platforms use this to identify moving topics and target
certain demographics. Sentiment analysis also plays a role in
advertisements through monitoring changing human
sentiment. As a result, the ideal product ads are directed to
consumers whose emotions are being constantly tracked.

B) Product Development: The process of Product
Development is now much faster and feasible expensive-
wise thanks to Al where it provides data-oriented ideas and
brings down the cost for entry. Furthermore, markets’
requirements can be met through the effective idea
generation, design, testing, and product improvement
processes.

As an illustration, an idea from a company can be built by
machine learning evaluating the customer response, market
statistics, and sales trends. This guarantees that novel
products are built to fulfill the needs and taste of consumers.
Also, Al enabled design tools like Generative design
software make it possible to make several designs based on
set parameters so that designers can find new and unique
ways to solve problems.

C) Supply Chain Management: Artificial Intelligence
proved useful to supply chain management (SCM) as it
improved and increased productivity by simplifying
processes, reducing costs, and aiding the quality of decisions
being made. Using machine learning algorithms, businesses
can figure out how much inventory, transportation, and risk
controls to have on hand (Pescetelli & Yeung, 2021).

For example, Al tools can assist in effective planning and
management of stock by data analysis of previous and
existing trends to improve stockout and overstock
difficulties. Walmart, for instance, utilizes Al to predict
sales on aditems for individual stores to reduce the chance of
having too much or too little of a particular product.

Al-assisted route planning programs for delivery services
have been designed to choose the shortest paths for
deliveries which tends to use less accumulated fuel use and
shorter delivery times. UPS, for one, employs these
technologies as a part of SCM and subsequently saves large
sums of money and stops many carbon emissions (Rajkomar,
Dean, & Kohane, 2019).

D) Decision Support Systems: Al-devised decision-
making systems help organizations to analyze trends specific
to region, age groups etc, they can analyze previous sell
patterns and get suggestions about tweaks and strategies that
should be made to make their product more efficient and
successful.

For example, investment firms often use these tools to
analyze market trends and make their investments

accordingly. They take a look at whats happening around the
globe, what factors may affect a stock, they create patterns
based on previous datasets and fluctuations which may or
may not have happened according to situations and produce
strategies which makes the use of these Al tools highly
beneficial and efficient.

In the healthcare industry, such systems use current data and
operations within hospitals to correct problems immediately.
Through facilitation of clinicians to diagnose conditions and
suggest therapies, Al augments patient treatment and care
quality. The highest level of Al applications is designed
based on platforms that aggregate wide patient.

5. Al Driven Decision-Making Models

A Decision-Making Model
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Figure 3:Al Decision-Making Model

Figure 3 tries to describe how AI’s decision- making model.
As can be depicted from the picture, the model can be
divided into 3 parts, the first part tries to show what
processes do machines go through when integration happens,
second part shows the importance of human judgment and
third pard describes the successful integration between
Human and Al. They can be further explained as follows:

1) Machines (Artificial Intelligence):

e Every model can only be successful when it can learn
from relevant large data sets. The larger the dataset, the
more efficient the model will be and more accurate the
results will be. That’s why big data is one of the most
important parts for any Al model to work.

o All the algorithms are applied on these datasets and then
these models generate relevant possibilities and trends.

o From these derivations obtained and prescriptive analysis,
strategies are created and plans are created based on
trends and detections.

2) Human Judgement:

o Another part that’s very important is human supervision.
Even after using efficient algorithms there is no
guarantee that the results obtained and always a human
supervision is required to make sure that results are
correct.

e Other major factors to be considered are that Al lacks
some important considerations like business values,
cultural factors etc. which a human can only supervise
and make sure that its taken care of.
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3) Business decisions:

o The final step is successful integration with Al with some
supervision of human intelligence, a proper process of
strategic decision-making is done.

o With proper data collection, relevant and efficient
algorithms along with human supervision, successful
integration of Al can be done with business systems and
strategic decisions can be made.

6. Case Study: COIN (JP Morgan)

JP Morgan, one of the biggest organizations in financial
sector utilizes Artificial Intelligence significantly to improve
their business strategy making process and to improve its
operational efficiency. COiN is an Al-powered platform that
was created by the company to enhance and improvise its
document review processes.

This tool does a thorough analysis of legal documents and is
highly fast, intuitive and efficient and has proved to be
highly beneficial for the company. This successful
integration gives JP morgan a competitive advantage over
other financial institutions.

This case study tries to discuss in details on what exactly
COIN is, for what reasons this Al integration was required
and what benefits and challenges this idea faced. Most
importantly, this Al integration was sort of a revolution for
business strategy decision making and this case study
discusses how integrating Al in decision making process
enhance the overall operational efficiency of any
organization.

6.1 Implementation Details

1) Technology Used:

e Natural Language Processing (NLP) which extracts and
understands the terms present in various contracts. A
large number of legal contracts are collected and used as
a dataset and they are trained and tested to detect specific
patterns and predictions which can be used in decision
making process.

e Data source was an important part for COiN’s success,
the datasets could be anything, texts, images, previous
contracts, etc. Some of the advanced Al tools were
required to do this, like optical character utilization,
which was used to extract and digitize relevant data from
previous contacts and sources, and that data was stored in
databases for further analysis.

e Machine learning models were wused to identify
predefined arguments and clauses and these models keep
on improving on the basis of new data attained and user
feedback.

2) Development Process:

o Initial Testing: A nominal number of contracts were
used as an initial dataset for algorithm implementation
which was used to evaluate the tool's performance in
accuracy and precision.

e Model Training: With these acquired datasets, models
were tested and algorithms were tested to get the initial
performance of the tool. The selection of algorithms
aimed at producing necessary results.

o Integration: The consolidation process produced a
program that analyzed and processed data while ensuring
ethical standards and privacy protections were
maintained. The development process included the
creation of integration sources like APIs which delivered
new data sets directly in the formats needed by COiN
following updated requirements.

3) Key Performance Indicators (KPI) of COiN that were
monitored:

e Speed: COIN is able to process and produce relevant
data is one of the major performance indicators.

e Accuracy: The produced results should be accurate and
relevant based on the requirement and situation and it’s a
major performance indicator (Matz, Kosinski, & Nave,
2020; Xu, Zhang, & Li, 2020; Zhang & Zheng, 2020).

o Satisfaction: The user satisfaction is another major
indicator, whether the results produced were in
requirement with user.

e Security: Al has to handle highly sensitive data its very
important that the sensitive data is handled properly and
it poses no security threats (Moeini & Fouladgar, 2019;
Xu et al., 2020).

6.2 Challenges and ethical considerations

6.2.1. Challenges

1) Manual Processing and Analysis: Due to the
complexity and volume of the legal contracts and reports
that JP Morgan used as its primary data sources the
process was extremely time-consuming and prone to
errors (Huang & Xie, 2020; Kusiak, 2017). To give you
an idea some reports indicate that employees spend over
360000 hours a year performing proper analysis which
still results in errors and inefficiencies. This significantly
affected output and frequently caused decision-making to
be delayed.

2) Cost: Hiring a large workforce comes at a high cost and
analyzing such a large stack of data requires highly
skilled labor. Since at least 100 employees work is now
completed by a single AI tool AI integration has
significantly decreased this cost (O’Neil, 2016; Jouini &
Khenfouch, 2020).

3) Scalability Issues: As the clientele and complexity
increased annually the volume of contracts and
documents increased as well making it very challenging
to manually review them. Failures to comply with
regulations were among the many risks and difficulties
brought on by the inability to evaluate such a large
number of documents.

4) Accuracy: Due to constantly shifting regulations it was
very challenging to manually monitor everything and
processing large, complicated documents and contracts
by hand frequently results in errors. If data is not
properly checked even small discrepancies can result in
major mistakes and significant losses. One of the main
issues that Al integration resolved was this one
(Rajkomar, Dean, & Kohane, 2019).

5) Employee Productivity: A number of the tasks were
extremely low-value and repetitive wasting the talent of
skilled workers and frequently lowering their output (He,
Zhang, & Li, 2020; Mohan & Aggarwal, 2021; Mohan,
Kumar, & Joseph, 2021). Al integration made life much
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easier by automating the majority of these repetitive
tasks.

6.2.2. Ethical Considerations

This Al integration definitely solved a lots of problems, it
saved time, it saved costs, it made complex problems easier
but on the other hand ethical considerations are something
which a business cant ignore. At the end of the day these
tools cant differentiate between whats right and wrong and if
given wrong instructions the result may be catastrophic and
sensitive data may get in wrong hands. Here are some of the
considerations which JP morgan took before using COiN:-

1) Data Privacy: There were serious privacy issues raised
by the handling of private and sensitive client data.
Because of the sensitivity of their high-profile clients JP
Morgan had to protect client data. When Al systems
were used to make decisions safeguarding data privacy
became the top priority.

2) Transparency: Since COIN was a key factor in
important strategic decision-making it became imperative
to build trust in Al-driven decisions. To ensure
accountability and transparency the Al system had to
demonstrate to stakeholders the rationale and
contributing elements of every choice.

3) Increased Downsizing: Due to use of Al in most of
repetitive tasks, many of the jobs become useless which
leads to downsizing and a decrease in salaries. This
makes it a company’s responsibility to give essential
trainings to there employees so that they can transition
themselves and learn relevant technologies to boost
themselves in this age of AI (Chamorro-Premuzic,
Winsborough, Sherman, & Hogan, 2017; Huang & Kuo,
2020).

4) Bias in Al Algorithms: Al tools work on algorithms and
there is no sure shot way to determine whether the
algorithm works perfectly in every situation or not. There
may be situations for which these algorithms give wrong
results and may affect the decision- making process. This
makes it very important that the organization chooses its
algorithms wisely and with efficient testing and proper
supervision should always be given to the results
produced.

7. Research Methodology

This study followed a multi method approach, it integrates
both quantitative and qualitative techniques which assesses
the role of Al in strategic decision-making, with a real life
analysis using JP Morgan Chase’s COiN platform.

Data Collection

Various sources of data was used to conduct this research.
Primarily, data consisted public reports published by JP
Morgan which had various insights about its usage and
relevance. Insights were obtained through interviews with
managers and customers who had direct interaction with
COIN. Secondarily, data was gathered from industry reports,
research studies and academic publications which provided
valuable feedback on tools effectiveness and limitations.

Qualitative Analysis

The role of Al in strategic decision making processes was
further examined using qualitative analysis. Expert analysis
and perspectives, user experiences, system performance etc.
were some of the parameters that were taken into account to
identify and assess the challenges and advantages of using
Al integrations as integral part of daily decision making
practices.

Quantitative Analysis

Quantitative Analysis was also performed on how
implementation of COIN enhanced the decision- making
process of JP Morgan and what impact it has had before and
after the Al era. Various key performance indicators were
accessed and metrics were analyzed to study benefits,
drawbacks, scope of improvements which gave a proper
overview of the advantages and disadvantages of using Al
integrations.

8. Data Analysis and Insights

A thorough understanding of how COiN functions as a
decision-making tool required taking into account a number
of data factors. These insights will be very useful in
understanding how the integration of Al improved and
enhanced the business workplaces decision-making process.
Apart from that, a survey was conducted among 45 people
working among different industries on what perceptions they
have on Al as a tool.

8.1 Case-Based Data Analysis: COiN

1) Time Statistics

e JP Morgan reports indicate that use of COIN had a
significant impact on time.

e Figure 4 depicts the differences that were visible in
regards to time between using COiN and manual review:

Time Savings with Al (COiN)
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Figure 4: Time Comparison (Manual Vs Al)

A large difference can be seen from the graph, on one hand
manual review takes 360000 hours yearly whereas Al only
takes 45000 hours.

2) Cost Analysis:

o Cost is one of the major factors that helps us understand
the difference in costs with using manual review and
using Al for the same.

o Figure 5 tries to demonstrate the cost savings overtime
using COIN:

Volume 15 Issue 1, January 2026
Fully Refereed | Open Access | Double Blind Peer Reviewed Journal

WWWw.ijsr.net

Paper ID: MR26112172213

DOI: https://dx.doi.org/10.21275/MR26112172213

1690


http://www.ijsr.net/

International Journal of Science and Research (IJSR)

ISSN: 2319-7064
Impact Factor 2024: 7.101

Savings ($ Million)

Cost Savings Over Time with CQiN

£150M

140

[
[
o

5100

=
(=3
o

80

80 £50M

Year 1 Year 2

Yiears

Year 3

3)

Figure 5: Cost Savings Chart with COiN

The graph clearly indicates that over 3 years, with the use
of COiN the company was able to save upto 150 Million
dollars.

These substantial savings is only possible due to higher
efficiency, reduction of Labor costs and increase in
clientele due to effective results.

Task Allocation Analyses:

The quantity of low-level repetitive tasks that employees
had to perform and oversee prior to Al integrations was
the main issue. These monotonous tasks were automated
with Al integration and Al was given many tasks.

Figure 7 depicts how Al integrations has shifted a lot of
tasks to Al:-

Shift in Employee Task Allocation with Al
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Figure 8: Age distribution of respondents

Apart from this, people of different education
backgrounds and industries were chosen including
people from finance, tech, healthcare, retail and others.
This diversified approach gives a better understanding of
the impact of Al in decision making processes. Figure 9
describes the count of the people and the industry they
work in.

Count vs. Industry
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Figure 9: Industry vs Count graph
Descriptive Analysis of Survey Items:
The average responses to the survey can be depicted

from table 1.

Table 1: Survey Results

Al Adoption Phase

Figure 7: Shift in Task Allocation

Employee productivity is greatly increased as the bar
graph demonstrates that only 30% of repetitive tasks are
now assigned to employees compared to 70% previously.
One of the main advantages of implementing Al in
business as evidenced by the statistics is employees can
now focus on critical tasks while Al takes care of low-
level repetitive tasks.

8.2 Survey- Based Data Analysis

1)

Demographics:

Majority of the survey respondents were of age between
26-35 years (34%) and 18-25 years (27%). They were
followed by 36-45 years (24%) and 46+(15%).

Survey Question Mean Score (1-5)
Al helps faster decisions 4.18
Al improves accuracy 4.09
Al reduces costs 3.96
Trust Al recommendations 3.84
Adequate training/support 3.62
Over-reliance reduces critical thinking 3.71
Al introduces ethical/privacy concerns 4.27

e A visual depiction of the survey results can be seen in

figure 10.
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Figure 10: Survey Results
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3) Cross-Analysis:

e Across the diversified survey respondents, the data
suggest that younger respondents showed the highest
trust in Al tools, oldest showed the least which shows
some generational differences in adoption of Al as a
decision- making tool. Figure 11 shows the trust scores
across the age groups.

Average Trust in Al Recommendations by Age Group
411

Average Score

0.5

0.0

18-25

+
o
=

3643
26-35

Age

Figure 11: Average Trust in Al recommendations

e The most common concern amongst all groups was the
ethical concern, specially in finance and tech sector
which indicates that privacy risks are one of the most
significant challenges and are needed to be dealt with.

9. Results and Insights

Through the analysis done on COIiN, which is one the best
and real examples of using Al in a big workplace such as JP
Morgan, various insights were gained on using Al tools in
strategic decision- making processes. Apart from that,
detailed analysis on the survey done across diversified group
of people also gave some understanding on current scopes of
Al integration in workplace and in day to day operations.
Here are all the findings of the analysis:

1) Increased Compliance:

e Because COIiN extracts extremely sensitive data it must
be used appropriately and kept safe from leaks. To
guarantee client trust and security it is essential to have
appropriate encryption algorithms and conduct ongoing
data monitoring (Ma, 2024).

o Al integration tools must be provided with clear prompts
and instructions to ensure that no values are violated and
that no leaks or inaccurate information are generated.

2) Workforce skill training:

e Although AI now performs the majority of manual tasks
businesses can still invest in their employees upskilling
and transition into roles that complement Al systems
rather than causing a loss of skills.

o A variety of Al topics including machine learning Al
governance and Al prompt engineering can be covered in
training (Biloslavo et al., 2024; Sanjalawe, 2025).

3) Ethical Checks:

o To protect client data strong security measures must be
implemented and clear policies regarding data usage
must be established.

o If Al integration is being done complete transparency
must be maintained and clients must be informed about
how their data is being used (Alzoubi, 2025).

4) Make the decision making even more efficient:

e The next step may be to further reduce the need for
human oversight to the point where Al can play a
significant role in effective decision-making.

e Although it seems unlikely this could become feasible in
the future with improved data reading capabilities and
more effective algorithms.

10. Conclusion

This paper analyses the impact of Al in business strategy
and decision- making processes in businesses. The findings
demonstrate that integrating Al into business can have many
benefits including lowering workplace error rates improving
worker efficiency simplifying and improving the analysis of
complex datasets and- most importantly- creating effective
strategies that increased sales and reduced expenses.

Al has a lots of uses nowadays. There is no sector where its
not being used currently. Take e-commerce for example, its
using Al models to detect trends using sentiment analysis
and predictions, and accordingly creating strategies on what
to sell and is predicting what will work for this market I
(Castelo et al., 2019). Financial sector is constantly using Al
tools to detect anomalies by analysing the market trends and
using it for their own benefit.

The case study made us realise how beneficial integration of
Al can be for any business. COIN as a tool was highly
beneficial for JP Morgan, from the charts and data obtained
we can clearly see how their accuracy improved, error rate
fell down and significant cost savings were made.

These advantages do have some drawbacks though, data
security is a big worry as is ensuring that there are no ethical
transgressions. Secondly, job security has also become a
huge concern since Al can automate most of the repetitive
tasks which required manual labour earlier.

In conclusion this study proves that Al integrations in
strategic decision making processes can be a game changer
and can be highly beneficial for competitive industries. It
was deduced from the case studies and surveys that artificial
intelligence (AI) is being used extensively in decision-
making and is showing great promise. It might not be long
before human involvement in decision-making is completely
eliminated if its full potential is realized and improved
algorithms are developed.
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