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Abstract: The article examines the transformative impact of generative artificial intelligence (GenAI) on communications in the B2B 

segment, offering a holistic analysis of its functional advantages, vulnerabilities, and the resulting effect on financial metrics. The aim 

of the study is to construct and substantiate a conceptual framework that logically links three interrelated components: AI-enabled hyper-

personalization, the phenomenon of tone drift, and the dynamics of customer lifetime value (LTV). Methodologically, the work relies on 

a systematic literature review across the Scopus, Web of Science, and IEEE databases, an examination of industry reports from leading 

consulting firms, and the use of an illustrative case study. The data obtained indicate that GenAI provides a qualitatively new level of 

personalization that is statistically associated with increased engagement and higher conversion rates. At the same time, uncontrolled 

deployment of the technology creates a critical risk of tone drift, leading to dilution of brand identity, a decline in trust, and, consequently, 

a reduction in LTV. The conclusion of the study is that maximizing LTV is achieved not through extreme automation, but by finding an 

optimum between the potential of GenAI and strict governance contours based on human-in-the-loop principles. The findings presented 

in the study will be of interest to chief marketing and sales officers, digital transformation experts, and researchers in business 

informatics. 
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1.Introduction 
 

The modern business environment is undergoing a 

qualitative restructuring catalyzed by generative artificial 

intelligence (GenAI). As it becomes embedded in the core 

contours of corporate activity, GenAI ceases to be a 

narrow technological novelty and turns into a strategic 

resource that radically changes the logic of customer 

interactions, primarily in the business-to-business (B2B) 

segment. The relevance of the study is driven by the rapid 

diffusion of AI in commercial processes: according to 

Gartner, by 2025, 75% of B2B sales units will 

systematically rely on AI-based analytics [1]. By 2025, it’s 

expected that 80% of B2B sales interactions will occur in 

digital channels, highlighting the importance of adapting 

to this new landscape. According to recent research, 

companies that integrate AI into their sales workflows are 

experiencing up to 70% improvements in productivity and 

cost reductions of as much as 60%. This shift towards AI-

powered sales processes is redefining the way businesses 

approach B2B sales, with a focus on automation, 

personalization, and data-driven insights [2]. 

 

Despite active practical piloting, gaps persist in the 

academic field. Existing studies [5] and industry reviews 

[6] mainly offer a fragmentary lens, focusing either on the 

technical potentials of GenAI (for example, 

hyperpersonalization [8]) or on operational efficiency and 

automation. At the same time, there is no holistic 

framework that integrates three interconnected 

dimensions: the capabilities of scalable 

hyperpersonalization; the risks of uncontrolled tone drift 

that undermines brand consistency and customer trust [10]; 

and the ultimate effects assessed through a long-term 

strategic metric - customer lifetime value [12]. This work 

seeks to overcome the aforementioned fragmentation and 

to form a systemic view of the problem. 

 

The study documents and analytically elucidates the gap 

between declared AI investments and the actual level of its 

strategic integration. The data show high enthusiasm and 

growing expenditures - 98% of companies intend to 

increase AI investments [14]. However, only 19% of B2B 

teams have fully embedded AI into everyday workflows, 

whereas 54% use it episodically [14]. This gap, driven by 

a deficit of competencies [15] and the absence of clear 

governance frameworks, is not merely an operational 

issue; it is the root cause of tone drift. Incoherent use of 

GenAI by different employees and functions without 

unified standards and proper control leads to divergent, 

and at times contradictory, communications that 

undermine brand integrity. Consequently, tone drift should 

be interpreted not as a technological anomaly but as a 

symptom of organizational immaturity in AI governance. 

 

The purpose of the study is to develop and theoretically 

substantiate an integrated conceptual model that reveals 

the causal links between the intensity of using generative 

content for hyperpersonalization, the degree of 

controllability of tone drift, and the dynamics of LTV in 

the B2B segment. 

 

The scientific novelty lies in proposing a comprehensive 

model that systematically connects the technological, risk-

management, and financial aspects of using generative 

content in B2B communications as elements of a single 

system. 
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As the authorial hypothesis, it is posited that maximizing 

the impact on LTV is achieved not through extreme 

automation and personalization, but by finding an 

optimum between AI-driven hyperpersonalization and 

strict tone-control mechanisms that ensure the 

reproducibility of trust and the resilience of brand identity. 

 

2.Materials and Methods 
 

The methodological design of the study relies on a 

combination of complementary approaches that provide 

both conceptual depth and applied validity of the results. 

 

A systematic literature review was employed as the central 

research strategy. In contrast to a traditional narrative 

review, it is characterized by a protocol-driven, 

transparent, and reproducible procedure that reduces the 

risk of systematic bias and yields an integrated view of the 

field. The procedure included a targeted search, 

subsequent screening, and critical appraisal of relevant 

publications based on predefined inclusion and exclusion 

criteria. Search campaigns were conducted in leading 

scientometric databases (Scopus, Web of Science, IEEE 

Xplore, ACM Digital Library) for the years 2020–2024 

using the key expressions generative AI, B2B 

communication, hyper-personalization, tonal drift, 

customer lifetime value. 

 

To empirically refine and validate the theoretical 

conclusions, industry report analysis was used. Analytical 

materials and forecasts from leading consulting 

organizations, including Gartner and McKinsey, were 

examined, providing current statistical indicators and 

expert assessments of the dynamics of GenAI adoption in 

the B2B segment. This step enriched the study with 

practical observations and confirmed the relevance of the 

issues raised. 

 

To demonstrate the viability of the proposed theoretical 

construct, the case study method was applied. It enables in-

depth examination of a phenomenon in its natural business 

environment, which is optimal for demonstrating the 

integration of the developed framework into company 

processes. The article presents an illustrative hypothetical 

case modeling the use of GenAI within a generalized B2B 

sales methodology and allowing the identification of both 

potential effects and associated risks. 
 

3.Results and Discussion 
 

The emergence of generative AI marks a break with the 

classical logic of segmentation and establishes the 

paradigm of hyperpersonalization - a segment-of-one 

strategy [8]. In contrast to traditional practices that rely 

primarily on immutable firmographic parameters, 

hyperpersonalization is built on dynamic profiles updated 

in real time, enabling the construction for each customer 

of a unique and contextually relevant experience across all 

touchpoints. The technological core comprises large 

language models (LLM) and machine learning (ML) 

algorithms that support the analysis of large, 

heterogeneous datasets and the generation of original 

content on their basis [9]. 

 

The practical implementation of hyperpersonalization 

implies an integrated architecture described by the 4D 

model: Data, Decisions, Design, and Distribution [22]. At 

the Data stage, information is collected and integrated 

from multiple sources: internal CRM and ERP systems, 

behavioral traces from web resources and email 

communications, as well as external intent signals. At the 

Decisions stage, AI models perform analytical processing 

for dynamic segmentation and the construction of 

predictive frameworks, including next-best-action 

determination. The Design stage concerns automated 

content generation - texts, images, and personalized offers 

- by means of GenAI, taking into account the individual 

characteristics of the customer and the specific interaction 

context. At the Distribution stage, the generated content is 

delivered through the most effective channels (email, 

website, chatbot) in real time. The qualitative gap between 

traditional schemes and AI-driven hyperpersonalization is 

illustrated in Table 1. 

 

Table 1: Comparative analysis of approaches to personalization in B2B (compiled by the author based on [2, 7, 8, 9, 22, 31]). 

Parameter Traditional personalization AI-driven hyperpersonalization 

Basis Static segmentation (firmographics) Dynamic segment-of-one profile 

Data CRM historical data, manual input Real-time behavioral data, transactions, external signals 

Scale Limited by manual rules Unlimited, scales in real time 

Content Templated with variable substitution Unique, generated for each client 

Response time Delayed (within campaigns) Instant, in real time 

Control Fully human Algorithmic with human-in-the-loop 

 

The trajectory of AI adoption in B2B marketing 

personalization tasks exhibits a consistently positive 

dynamic (Figure  1). The share of companies employing 

AI for content generation, segmentation of target groups, 

and targeted configuration of communications is 

increasing, which effectively confirms the recognition of 

the effectiveness of this technology at the level of industry 

practices. 
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Figure 1: Dynamics of the introduction of AI for personalization in B2B (2023-2025) (compiled by the author based on [3, 4, 

29, 34]). 

 

When attempting to implement hyperpersonalization in 

B2B, a data paradox emerges: unlike B2C with its large 

volumes of transactions, the B2B context often suffers 

from data sparsity [9], which undermines the effectiveness 

of training machine learning models. The mechanical 

transfer of B2C practices in this case is not able to help. 

Resolving the paradox requires not the accumulation of big 

data, but a shift of focus to smart data. This is achievable 

through a combination of two components: the ability of 

GenAI to enrich existing datasets and generate synthetic 

yet plausible training scenarios, as well as the critically 

important involvement of a human in the loop. Deep 

contextual knowledge and the expert intuition of a sales 

manager or a marketer provide validation, calibration, and 

additional interpretation of AI outputs [9] (Figure 2). 

 

 
Figure  2: Conceptual model of the hyperpersonalization process in B2B (compiled by the author based on [9, 11, 18, 21]). 
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Thus, in the B2B context, GenAI functions not as a 

substitute for human competence but as its highly effective 

accelerator; the effectiveness of hyperpersonalization is 

directly determined by the quality of this cooperation 

between the human and the model. 

 

Simultaneously with the scaling of generative practices, a 

new class of strategic threats emerges, centered on tone 

drift. This should be understood as the unintentional and 

poorly controlled shift in style, tone, and key messages of 

generated materials relative to the prescribed norms and 

brand identity. If hyperpersonalization paves the way to 

value creation, then tone drift is the shortest trajectory to 

its loss. 

 

In the B2B environment, where interaction relies on trust, 

expertise, and long-term partnership, the consequences of 

such drift are especially acute. Key vulnerabilities include: 

 

• Brand erosion and loss of trust. An inconsistent voice 

(for example, a jump from formality to familiarity) 

undermines the perception of the company as a reliable 

and professional counterparty [13, 16]. 

• Reduced empathy. Automated responses devoid of 

human warmth and sensitivity to context read as 

mechanistic and indifferent - a critical risk for customer 

support [5, 17]. 

• Dissemination of misinformation. AI hallucinations - 

the generation of factually incorrect information - can 

provoke serious reputational and sometimes legal 

consequences [5, 19]. 

• Hyperdependence on technology. According to a 

survey, 42% of professionals are concerned about 

excessive reliance on AI in making stylistic decisions, 

which threatens the atrophy of their own creative and 

communication skills [10]. 

 

To systematize and prioritize these threats, the matrix 

presented in Table 2 can be applied, allowing the 

likelihood and magnitude of impact of specific 

manifestations of tone drift to be correlated with the type 

of communication. 

 

Table 2: Risk matrix of tone drift in B2B communications (compiled by the author based on [26, 27, 30, 33]). 

Communication type Example of tone drift Probability Impact on LTV Priority 

Email newsletter (mass) Overly familiar/informal tone High Medium High 

Commercial proposal Factual errors, hallucinations Medium High High 

Support (chatbot) Lack of empathy, robotic responses High High Critical 

Website content (blog) Loss of unique brand voice, sterility High Medium Medium 

Internal communications Incorrect interpretation of context Medium Low Low 

 

Mitigating the identified risks entails deploying a rigorous 

governance system whose core is a human-in-the-loop 

model. Automation is not equivalent to unattended 

operation; on the contrary, it requires the formalization of 

new procedures within which the expert sequentially 

performs the functions of validator, editor, and strategist. 

Empirical data corroborate the necessity of such oversight: 

86% of marketers using AI spend time refining the 

generated material [37]. A conceptual diagram of the 

corresponding process is presented in Figure  3. 

 

 
Figure  3: The man-in-the-loop content tone management model (compiled by the author based on [24, 25, 28]). 
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The ultimate objective of any commercial strategy, 

including initiatives to implement GenAI, is the growth of 

financial outcomes. In the B2B environment, characterized 

by lengthy and multilayered relationships, the most 

informative integral metric is customer lifetime value 

(LTV). At the same time, the specifics of B2B radically 

complicate its modeling: in contrast to B2C, where LTV is 

often determined by the frequency of small transactions, 

here the horizon and value of contracts dominate, along 

with multicenter decision-making involving various 

stakeholders, as well as a substantial potential for upsell 

and cross-sell [12, 36]. Consequently, classical approaches 

such as RFM (Recency, Frequency, Monetary) require 

deep adaptation to the B2B context, since simple 

aggregation of cash flows does not capture the complex 

value of a long-term partnership. 

 

Within this frame, the key role of artificial intelligence is 

to shift the focus from ex post LTV assessment to 

predictive modeling. Operating in real time across a wide 

spectrum of behavioral indicators-from product usage 

intensity and support workload to the tonality of business 

correspondence-AI systems enable high-accuracy churn 

risk estimation and the identification of optimal windows 

and parameters for upsell offers. This, in turn, makes it 

possible to allocate resources rationally, emphasizing the 

retention of the most valuable clients and the proactive 

expansion of their potential. 

 

The impact of hyperpersonalization on LTV is indirect and 

manifests through a chain of intermediate metrics. AI-

driven personalization increases the relevance of 

communications, which leads to higher engagement and 

satisfaction. Increased satisfaction strengthens trust, a 

critically important asset in B2B, and growing trust 

directly affects two fundamental drivers of LTV: it raises 

the retention rate and creates conditions for increasing 

average revenue per user (ARPU) through upsell and the 

expansion of cooperation. 

 

To demonstrate the practical applicability of the proposed 

model, consider an abstract case of a B2B company that 

develops and supplies complex industrial equipment. The 

commercial framework of the organization relies on the 

BRIDGE methodology, covering the full cycle of 

interaction with the corporate customer-from the initial 

contact to the expansion of the partnership. The integration 

of generative AI (GenAI) into this framework makes it 

possible to remove routine workload and provide 

analytical support while preserving human strategic 

control over the meaning and tone of communication, 

which is critical for risk management [33, 35]. 

 

At the relationship-building stage, GenAI constructs open 

profiles of stakeholders, the current communications of the 

client company, and industry news, forming personalized 

introductory formulations for an initial email or call. Such 

preliminary contextual enrichment increases the relevance 

of the first touchpoint and reduces the manager’s time 

costs. Simultaneously, a risk of tonal drift arises: excessive 

informality or the use of personal details from social 

networks may be perceived as a boundary violation and 

may undermine professional distance. To mitigate this 

risk, AI-generated ideas are treated only as rough drafts; 

the final message is assembled manually by the manager, 

relying on the client’s corporate standards and the 

manager’s own norms of business communication. 

 

At the needs-discovery stage, GenAI analyzes recordings 

and transcripts of previous meetings, as well as the 

correspondence history, automatically producing a 

synthesis of the client’s key requests, pain points, and 

target objectives [26]. This enhances preparation for 

subsequent contacts, enabling more precise formulation of 

value hypotheses. At the same time, automatic semantic 

compression is sensitive to tonal nuances-sarcasm, irony, 

hints-and can distort the original messages. The control 

procedure prescribes mandatory listening to key fragments 

and verification of AI conclusions by the manager, with 

added comments and clarification of emphases. 

 

At the value-demonstration stage, GenAI, based on the 

identified needs, automatically constructs customized 

presentations and commercial proposals, selects relevant 

cases and specifications, and calculates the expected ROI 

taking into account industry specifics [31]. The risks 

include hallucinations in numerical calculations, the use of 

outdated cases, and stylistic divergences from the brand 

book. Therefore, all materials undergo mandatory human 

review: data sources and formulas are validated, and the 

language and visual system are aligned with approved 

templates and content blocks. 

 

At the objection-handling stage, the AI assistant classifies 

client utterances in real time (e.g., too expensive, 

additional consultation is needed) and displays on-screen 

arguments from the corporate knowledge base. This 

guidance-oriented analytics increases response speed and 

completeness. However, literal adherence to prompts leads 

to templated behavior and emotional flatness, which can 

escalate tension. Control is exercised via the principle 

ideas, not a script: the manager selects appropriate 

arguments and reformulates them in their own 

communicative manner, sustaining a live dialogue. 

 

At the commitment and relationship-expansion stages, 

GenAI helps prepare personalized follow-up messages 

based on meeting outcomes, and after deal closure 

analyzes product usage data to identify upsell and cross-

sell opportunities. Concurrently, there is a risk of 

intrusiveness: excessive frequency or irrelevance of offers 

is perceived as spam and undermines trust. Built-in 

governance assumes that initiation and approval of any 

offers remain with the personal manager, who aligns them 

with the current project context, the client lifecycle phase, 

and the agreed account development strategy. 

 

Systemic tone management permeates all BRIDGE stages 

and is implemented through a combination of ex ante 

constraints (templates, lexicons of permissible 

formulations, source requirements), procedural 

verification (mandatory human review of key artifacts and 

numbers), and ex post control (retrospective analysis of 

communications, rule refinement, and training of models 

on negative examples). Such control-loop governance 

minimizes both reputational risks and the likelihood of 
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substantive distortions [20, 23]. 

 

The projected effect on LTV is multiplicative. Shifting 

routine tasks and part of analytics to GenAI reduces 

preparation time for contacts and deals, thereby increasing 

operational efficiency. Improving the relevance and 

quality of messages increases conversion at critical funnel 

steps. Maintaining appropriate tone and human oversight 

strengthens trust and satisfaction, improving retention. 

Taken together, this leads to a direct and measurable 

increase in LTV while simultaneously reducing 

communication and presales costs. 

 

Thus, a hybrid interaction model GenAI as an accelerator 

- the human as the owner of meaning, tone, and 

accountability ensures a balance of speed and quality, 

standardization and empathy. This balance enables 

scalable, predictable, and safe commercial communication 

in the segment of complex B2B sales. 

 

4.Conclusion 
 

The analysis conducted allows us to record a set of 

conclusions that are simultaneously of theoretical and 

practical significance for understanding the role of 

generative AI in contemporary B2B communications. 

 

First, generative models act as a trigger for the transition 

to a hyperpersonalization logic, enabling scalable 

formation of a unique and contextually relevant customer 

experience. Accumulated empirical observations 

demonstrate a statistically significant improvement in 

intermediate metrics: engagement, satisfaction, and 

conversion, which creates a foundation for growth in 

customer lifetime value. 

 

Second, spontaneous, methodology-free implementation 

of GenAI is associated with a critical risk of tone drift. 

Violations of brand consistency, erosion of empathy, and 

the likelihood of disseminating inaccurate information can 

nullify the benefits of personalization, undermining the 

key B2B asset - trust. This risk is predominantly 

organizational in nature and reflects a deficit of maturity 

and strategic AI management practices rather than 

exclusively technical constraints. 

 

Third, the integral effect of generative content on customer 

lifetime value (LTV) is determined by a delicate balance 

between the value created (through personalization) and its 

potential devaluation (through tone drift). Institutionalized 

control and governance mechanisms built on the human-

in-the-loop principle play a decisive role in maintaining 

this balance. 

 

Consequently, the author’s hypothesis is confirmed: 

maximizing LTV is achieved not through total automation 

but through the synergy of humans and AI. The technology 

undertakes analytical data processing, scaling, and 

operational automation, while humans provide empathy, 

strategic oversight, creative adaptation, and-crucially-the 

preservation of brand identity and the brand’s value 

framework. 

 

The theoretical novelty of the work lies in proposing an 

integrated conceptual framework that systematically links 

the technological, risk, and financial dimensions of GenAI 

application and overcomes the fragmentation of existing 

research. The practical significance is that the proposed 

model and the tone management model can serve B2B 

leaders as a guide for strategic rather than purely tactical 

implementation of generative AI, emphasizing the need for 

investment not only in the technologies themselves but 

also in processes, staff training, and a culture of 

responsible AI use. 
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