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Abstract: Artificial intelligence (AI) has rapidly become integral to modern talent acquisition, especially following the late-2022 boom
in large language models and generative Al. This article examines how AI-driven automation is being implemented across the recruiting
lifecycle and analyzes its effects on hiring outcomes. We synthesize recent surveys, case studies, and emerging academic research to
highlight key Al applications — from résumé screening and candidate sourcing to Al-assisted interviews, chatbots, and generative content
creation. Adoption of Al in recruitment has surged globally, yielding benefits such as faster hiring cycles, reduced costs, and in some cases
improved candidate-job matching. At the same time, we discuss challenges and ethical considerations, including algorithmic bias,
transparency for candidates, and new regulations. Overall, while AI-powered recruiting tools demonstrate significant potential to improve
efficiency and decision-making in hiring, realizing these benefits requires thoughtful integration that augments (rather than replaces)

human judgment.
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1. Methodology

This study employs a literature synthesis and comparative

analysis approach. Primary data were drawn from 2022-2025

reports by global HR organizations (e.g., HR Research

Institute, SHRM, LinkedIn, etc.) and recent peer-reviewed

studies in business and computer science journals. The

analysis focused on identifying:

o Key Al applications in recruiting (sourcing, screening,
chatbots, assessment, generative tools).

e Quantitative impact indicators — time-to-hire, cost-per-
hire, quality-of-hire, etc.

o Ethical and regulatory frameworks, especially post-2023
bias-audit mandates (e.g., NYC’s AEDT law).

Findings were triangulated across corporate surveys, case
studies (including implementations at Thales, Hilton, IBM),
and market forecasts (e.g., Research Nester, McKinsey,

World Economic Forum). We also incorporate insights from
recent scientific studies to ground the discussion in empirical
research.

2. Introduction

Al technologies have fundamentally reshaped the recruiting
process in the past few years. By 2024, organizations
worldwide have widely embraced Al-driven tools for hiring.
According to HR Search Institute [1], the use of Al in hiring
nearly doubled in a single year — from 26% of organizations
in 2023 to 53% in 2024. Various studies indicate the surging
demand for Al tools, e.g. Research Nester states [2] that the
Al Recruitment Market size was valued at USD 707.52
million in 2024 and is projected to surpass USD 1.39 billion
by 2035, growing at a CAGR of more than 7% (see Figure

1)
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Figure 1: Al recruiting tools market size forecast, 2025-2035

A major catalyst was the breakout of generative Al in late
2022, which rapidly familiarized businesses with new Al
capabilities. By late 2024, roughly 71% of companies were
already using generative Al regularly in at least one business
function [3]. In talent acquisition specifically, the potential for
application is among the highest across business functions.

Several factors are driving the enthusiastic adoption of Al in
recruitment. Recruiters face high volumes of applicants and
repetitive administrative tasks; Al systems can process data
far faster than humans — for instance, scanning hundreds of

résumés or scheduling interviews in seconds. Improved
sourcing and matching of candidates is another key driver. Al
algorithms can identify promising talent across databases or
online networks, and recruiters report that Al is especially
useful for candidate sourcing and application screening. By
analyzing large datasets of past hires, Al tools also aim to
predict candidate-job fit, potentially improving the quality of
hire. Cost reduction plays a role as well: more than 50% of
respondents already report a significant cost reduction from
using Al [4] (see Figure 2).
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Figure 2: Cost decrease within business units from Gen Al use, past 12 months, by function, % of respondents
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Despite the rapid uptake, Al adoption is not uniform. This
points to a potential “Al divide”: early Al adoption is
concentrated in certain “superstar” firms and regions, raising
concerns that late adopters could fall behind competitively.
Overall, however, the post-2022 landscape suggests Al in
recruitment has moved from a novelty to a near necessity. The
next sections provide a comprehensive overview of how Al is
being implemented across recruiting stages, the impacts on
hiring outcomes, and the key challenges that must be
managed to harness Al’s benefits responsibly.

Al Implementation in the Recruitment Process

Modern recruiting involves multiple stages — from identifying
and attracting candidates, through screening and assessment,
to interviewing and hiring decisions. Al is being applied at
each of these stages. Below we outline the major applications
of Al in recruitment and the tools enabling them, with
examples from current industry practice.

Automated Résumé Screening and Candidate Sourcing:
One of the earliest and most widespread uses of Al in
recruiting is automated résumé screening. Traditional hiring
often entails manually sifting through hundreds or thousands
of applications for each position — a tedious, time-consuming
task. Al-driven screening systems use machine learning to
parse résumés/CVs and rank or filter candidates based on
predefined criteria or predictive models learned from
historical hiring data. These tools go beyond simple keyword
matching; for example, they can learn patterns from past
successful employees to identify applicants who fit the
company’s requirements. By rapidly shortlisting the most
qualified candidates, such screening algorithms free up
human recruiters to focus on a manageable pool of top
applicants. At the same time, some studies highlight that
while large language models like ChatGPT, Google Gemini,
and Mistral can approximate human evaluations in IT
recruitment, both AI and human assessors show
inconsistencies in judgment, highlighting current limitations
of Al as a full replacement for human assessment [5].

Closely related is Al-assisted candidate sourcing, where
algorithms proactively identify potential candidates (whether
active job seekers or passive talent) by scanning large data
sources — internal databases, professional networks like
LinkedIn, or even the open web. Al sourcing tools analyze
job requirements and then search for individuals whose
profiles, skills, or work history match the role, even if those
individuals did not formally apply. This expands the talent
pipeline beyond inbound applicants. Such tools leverage big
data (e.g. millions of online profiles) and often update
continuously. In practice, Al-driven sourcing helps recruiters
target their outreach much faster than manual methods.
Predictive analytics can also estimate which candidates are
likely to be receptive to new job opportunities or which
sourcing channels are most effective. The primary reasons
cited for using Al are to save time and to improve the quality
of candidates identified, which aligns with these screening
and sourcing applications. However, at least one study [6]
found that sourcing algorithms, while designed to speed up
hiring and improve candidate quality, can unintentionally
reinforce demographic disparities and reduce workforce
diversity, highlighting the need to reassess fairness evaluation
methods in algorithmic recruitment.

Al-Enhanced Assessment:

After the initial screening stage, Al is also being used to
augment candidate assessment and interviewing. A prominent
example is Al-assisted video interview analysis. Video
interview platforms use Al algorithms to evaluate recorded
candidate interviews. The Al can transcribe and analyze the
content of candidates’ answers for keywords and traits, and in
some cases evaluate paralinguistic cues — tone of voice,
speech patterns, facial expressions, eye contact — to assess
elements of communication skills and personality traits. The
goal is to provide additional data points to hiring managers
alongside the recorded interview. In practice, companies use
these Al assessments to help standardize the evaluation of
candidates. There is evidence that by using the same
algorithmic criteria for all applicants, Al assessments can
reduce the variability or bias that might occur between
different human interviewers, promoting more consistent
evaluations [7]. That said, most organizations use Al as a
decision support tool rather than a final arbiter — for instance,
an Al might flag top candidates or provide interview
scorecards, but human recruiters still make the ultimate hiring
decision.

Another growing application is Al-administered skills tests.
Al can generate and grade online tests or work simulations for
candidates. For example, a coding challenge for software
developers can be evaluated by an Al grader, or writing and
language exercises can be scored by natural language
processing models. Some companies deploy game-based
assessments (measuring cognitive abilities or behavioral
traits) evaluated by Al. These automated assessments enable
scalable, data-driven evaluation of job-relevant skills. The
study [8] demonstrated that machine learning models using
key parameters such as personality, cognitive ability,
behavioral, and situational traits can accurately predict
candidate suitability—with 95.8% accuracy—highlighting
the potential of data-driven, scientific hiring methods to
improve recruitment decisions. In sum, Al is enhancing the
assessment phase by providing additional insight into
candidates’ abilities and fit, while helping to standardize and
expedite the evaluation process.

Conversational AI and Chatbots for Candidate
Engagement:

An especially popular implementation of Al in recruiting is
the use of chatbots and conversational Al to engage with
candidates. Al chatbots on company career sites or messaging
platforms can handle a variety of tasks: answering candidates’
frequently asked questions, guiding them through application
steps, scheduling interviews, and even conducting basic
screening Q&A dialogs. These virtual assistants are available
24/7 and provide instant responses, greatly improving the
candidate experience in the early stages. This ensures that
every applicant gets timely updates and feedback — no more
“resume black hole” — which enhances the company’s
employer brand. In high-volume recruitment settings (retail,
customer service, seasonal hiring), Al chatbots have become
invaluable for handling the surge of inquiries and
applications. It is important to note that the users’ acceptance
significantly increases when chatbots are transparent,
personalized, efficient, and ethically designed—highlighting
that human-centered factors are as crucial as perceived
usefulness and ease of use in driving adoption [9].
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From the recruiter’s perspective, these chatbots free up
significant time by taking over repetitive administrative
communication. Scheduling is a prime example: Al assistants
can coordinate interview times in seconds (checking
calendars and sending invites), a task that might take humans
days of back-and-forth emails. Ultimately, conversational Al
acts as a tireless coordinator and information desk for
candidates, allowing human recruiters to focus on more
complex, high-touch interactions with those who advance.
It’s worth noting that transparency is important here — many
companies disclose to candidates that they are chatting with
an Al assistant, and hand it off to a human recruiter when
deeper interaction is needed.

Beyond text-based chatbots, some firms are experimenting
with Al-driven virtual interviewers. These are conversational
agents that can conduct a structured interview via chat or
voice, ask follow-up questions, and record the exchange.
While still emerging, such tools can be used for initial
screening interviews at scale. For instance, an Al interviewer
might pose a set of situational questions to dozens of
candidates in parallel, then use natural language processing
(NLP) to evaluate their responses and recommend who should
move forward. This approach can dramatically increase
capacity — every applicant can get an “interview” experience
— but it must be deployed carefully to avoid feeling too
impersonal. As this technology matures (and as comfort with
Al interactions grows), it may become a standard way to
streamline early interviews. Companies are proceeding
cautiously: they gather feedback from candidates on these Al
interviews and often allow candidates to opt for a human
interviewer if preferred, recognizing that the human touch
remains crucial in recruitment. Although concerns persist
regarding potential negative reactions from candidates,

empirical evidence [10] indicates that Al interviewers
endowed with human-like social behaviors elicit greater
reciprocity and improved user experience among applicants,
suggesting that anthropomorphic Al can enhance the quality
of interview interactions while introducing important ethical
and managerial implications.

Generative Al for Recruitment Content Creation:

A novel development since late 2022 is the application of
generative Al to create and refine content in the recruitment
process. Generative Al models can produce human-like text,
which is proving useful for many recruiting tasks that involve
writing or communication. For example, Al can draft job
descriptions based on a few inputs about the role, ensuring the
wording is engaging and inclusive. Recruiters traditionally
spend significant time writing job postings — now tools like
ChatGPT can generate a solid first draft within seconds,
which the recruiter can then fine-tune. This not only saves
time but can help produce more appealing descriptions by
drawing on best-practice wording from a broad knowledge
base. Similarly, generative Al can compose personalized
outreach emails to passive candidates, write social media
posts advertising jobs, or generate interview questions
tailored to a candidate’s resume. HR teams have started using
these tools to automate routine writing tasks. For instance,
recruiting coordinators might use Al to draft form emails:
interview confirmations, rejection notes with friendly tone, or
FAQs for candidates, then quickly review them for accuracy.
Surveys of HR professionals indicate growing interest in
generative Al — one HR tech report noted [1] that content
generation for job ads and candidate communications was one
of the top emerging use cases of Al in recruiting (see Figure
3).

Which are the top five benefits of using Al in recruitment in your organization?
(select up to five)
Converting a job description 49%
into a job advertisement
Improved candidate experience 37%
Efficient screening of applicants 37%
Better access to entire pipeline 379
of candidates
Automated recruitment processes (such as 3704
redirecting candidate to fitting job postings)
Accurate job postings 33%
Data-based hiring decisions 28%
Facilitating feedback to all applicants 24%
Efficient and accurate predictions 16%
about candidate’s performance
Automated video interviews (AVIs) 1%
[ | I I I |
0 10 20 30 40 50

Figure 3: The most beneficial use of Al, survey of HR Research Institute, 2024
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Impact of AI on Recruitment Outcomes

The implementation of Al in recruiting is not just theoretical
— it has started to yield measurable effects on key recruitment
outcomes. Below we discuss the impacts observed on
efficiency, hiring quality, workforce diversity, and candidate
experience, drawing on recent studies and industry surveys.

Hiring Efficiency and Cost: The clearest impact of Al is a
significant boost to efficiency in the hiring process.
Numerous case studies and surveys confirm that Al tools can
dramatically speed up hiring timelines. Faster hiring has
obvious advantages: positions get filled sooner, reducing lost
productivity from vacancies and giving companies a
competitive edge in securing talent. These efficiency gains
largely come from Al handling the time-intensive steps up
front — sorting resumes, contacting candidates, coordinating
calendars — so that human recruiters spend far less time on
logistics and more on decision-making. In terms of recruiter
productivity, one analysis found that Al and automation tools
can give recruiters back roughly 10—15 hours of work per
week, by offloading repetitive tasks [11]. This allows
recruiting teams to manage larger requisition loads without
added strain.

Cost efficiency is closely tied to these time savings. By
shortening hiring cycles and reducing manual workloads, Al
can significantly lower cost-per-hire. Some of the cost
savings come from obvious sources (less overtime for
recruiting staff, fewer third-party agency fees due to better
direct sourcing), while others are indirect (improved hiring
speed means less revenue lost to open roles). Additionally,
improving the quality of hires can yield downstream cost
benefits, such as lower turnover and training costs. Notably,
a study by IBM’s Institute for Business Value found that the
move to Al is expected to yield 30% in training effectiveness
and 20% in retention rates [12].

Quality of Hire and Performance: Beyond efficiency, a
crucial question is whether Al actually improves hiring
decisions and new-hire performance — in other words, does it
raise the guality of hires? This is harder to measure directly,
but some evidence is emerging. Because Al can analyze far
more data points about candidates (skills, experiences,
assessment results, etc.) and learn from historical outcomes,
it stands to reason that Al-driven selection might better
predict who will be a successful employee. Early indicators
support this. In effect, Al pre-screening seemed to surface
candidates who truly fit the role, thereby increasing the yield
rate at later stages. For instance, machine learning models can
pick up on subtle resume features or assessment scores that
correlate with on-the-job success, improving the signal in
candidate evaluation. One academic study noted that
organizations using Al-based assessments achieved a 51%
improvement in predicting candidate success rates on the job,
compared to traditional hiring practices [13]. This was
attributed to the integration of historical hiring and
performance data into the AI models, enabling more refined
candidate evaluations. Furthermore, AI’s ability to
consistently apply selection criteria can reduce random
“noise” in hiring decisions — meaning the chosen candidates
are more likely to meet the intended profile.

In practice, many companies are starting to track metrics like
new-hire performance, ramp-up time, and retention rates to
directly compare Al-selected hires versus others. While
results vary by context, the overall trend suggests Al can
augment decision-making in ways that positively impact
quality-of-hire. It is important to note that Al is only as good
as the metrics it is asked to optimize — if those metrics align
with true job performance, Al can excel, but if they are mis-
specified (or focus too narrowly on easily measured skills),
quality could suffer. Thus, human oversight remains key in
defining what “quality” means and ensuring the Al is tuned
to those outcomes.

3. Challenges and Ethical Considerations

Despite the evident advantages of Al in recruitment, there are
significant challenges, risks, and ethical considerations that
organizations must navigate. As Al takes on a larger role in
hiring decisions, issues around bias, transparency,
accountability, and privacy have come to the forefront. This
section discusses these concerns and how the industry is
responding.

Algorithmic Bias and Fairness: A foremost concern is that
Al systems can inadvertently encode bias and discrimination.
As discussed earlier, an Al trained on past hiring data may
inherit historical biases in that data. If, for example, a
company has historically hired mostly men into engineering
roles, a naive Al model might conclude (implicitly) that male
candidates are preferable and score resumes accordingly —
unless countermeasures are in place. There is now mounting
evidence that without careful design, Al hiring tools can
reproduce and even exacerbate human biases present in
training datasets [14].

Regulators are also stepping in. For example New York City
law requires that any automated hiring tool used in NYC
undergo a yearly bias audit by an independent party, with
results posted publicly [15]. It also mandates candidate
notifications about Al use. Non-compliance can lead to fines.
This law effectively makes it illegal (in NYC) to use a “black
box” hiring algorithm that hasn’t been tested for fairness.
These regulations serve two purposes: they protect candidates
from unchecked algorithmic decisions, and they push
companies to be proactive in addressing bias rather than
reactive.

In response, we are seeing a burgeoning ecosystem of third-
party auditors and fairness toolkits. Companies like Deloitte
and Pymetrics offer services to audit AI models for bias and
suggest improvements. The field of Al fairness research is
also providing techniques — such as rebalancing training data,
algorithmic “debiasing” methods, and bias-aware model
training — to reduce disparate impacts. Ultimately, ensuring
fairness is an ongoing process, not a one-time fix. It requires
continuous monitoring, because an Al model’s performance
may change over time or as it’s applied to new candidate
pools. Organizations must commit to that diligence if they
want to reap Al’s benefits without reinforcing biases.

Transparency and Candidate Trust: Closely related to bias
is the issue of transparency. Candidates have a right to
understand how decisions about their employment are made
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— this is both an ethical stance and increasingly a legal one
(with laws requiring notification of Al usage). Lack of
transparency can breed mistrust and frustration. If an
applicant is rejected and has no idea why, they are likely to
assume the process was arbitrary or biased. This is
exacerbated when Al is involved, because there’s a public
perception that algorithms are inscrutable. To build trust,
companies are adopting more transparency measures. For
example, some firms now include FAQs for candidates that
explain, in simple terms, “Our hiring process uses Al tools in
the following ways... Here’s what that means for you... We
ensure human review before final decisions.” Providing such
context can reassure applicants that they’re not simply being
“judged by a robot” with no recourse. A few companies even
offer candidates the option to opt out of Al screening — e.g.,
letting them request a human review of their application —
though this is still rare and sometimes impractical at scale.

Human Oversight and the “Human Touch”: Another
challenge is finding the right balance between automation and
human judgment. There is a real risk of over-reliance on Al —
i.e., recruiters might become complacent and follow Al
recommendations unquestioningly [16]. This can be
problematic because no algorithm is perfect. Al may miss
context or subtleties that a trained human eye would catch.
For instance, an Al might rank Candidate A over Candidate
B because A’s resume had more keywords, but a human
might notice that B has a unique background that could
greatly benefit the team (an insight that wasn’t in the training
data). Recruiters and hiring managers must therefore remain
critically involved.

In practice, best-performing companies treat Al as a support
tool, not an oracle. They might use Al to narrow a field of 200
applicants down to 20, but then humans thoroughly review
those 20 to make the final shortlist. In interviews, Al might
generate some structured questions or even scores, but hiring
managers still conduct their own evaluation and discuss
among themselves. Essentially, the final call is kept in human
hands, with Al informing the decision. The human element is
especially vital for assessing cultural fit, team synergy, and
those intangible qualities like attitude and motivation — areas
where human intuition and experience remain superior.
Humans are also needed to handle exceptions or unusual
cases.

In conclusion, as organizations integrate Al into recruitment,
they must do so responsibly. The challenges of bias,
transparency, human oversight, and privacy are not
insurmountable, but they require deliberate strategies and
continuous attention. Many leading companies are
developing ethical Al guidelines for HR, conducting regular
audits, and involving diverse stakeholders (HR, legal, IT, and
even candidates) in the design of their Al-enabled processes.
The guiding principle is often phrased as “augment, not
replace” — using Al to enhance human decision-making, not
to eliminate it. When done right, Al can make hiring more
fair, efficient, and effective. Done poorly, it could scale up
problems and alienate the workforce. The stakes — people’s
careers and opportunities — are high, so the deployment of Al
in this domain carries a special obligation to uphold fairness,
accuracy, and human dignity.

4. Results & Discussion

Looking ahead, the role of Al in talent acquisition is poised
to expand even further. Both the technology and the
surrounding ecosystem of practices, regulations, and
expectations are evolving rapidly.

Greater Automation of Early-Stage Hiring Tasks: We
expect Al to take over more of the front-end hiring tasks. We
are already seeing the beginnings of these trends: resume
screening algorithms and sourcing bots are becoming
standard features of ATS platforms. As Al capabilities
improve, it’s likely that every applicant will get screened and
maybe even interviewed by an Al before a human recruiter
ever looks at the application. This could vastly increase
scalability — companies might reliably screen 100% of
applicants (instead of the typical scenario where many
resumes go unread due to volume). Al-driven matching might
also proactively suggest candidates for roles that hiring
managers haven’t even formally opened yet, as part of
workforce planning. We can envision Al systems monitoring
skill gaps in a company and prompting recruitment for
anticipated needs.

Ubiquitous Use of Generative Al and Intelligent
Assistants: Generative Al, which is still relatively new in
HR, is expected to become mainstream in recruitment
software. By 2025 and beyond, we’ll likely see Al assistants
integrated into every step of the hiring process. Think of an
Al that can join a recruiter’s video call to take notes and
highlight important moments, or an Al that can draft a
personalized offer letter based on the candidate’s profile and
predicted motivations. LinkedIn has already integrated
generative Al to help write InMail messages; we can expect
more of these “writing aid” features. Moreover, as natural
language models become more sophisticated, Al chatbots will
become harder to distinguish from human interaction. This
raises questions — should the Al identify itself as such?
(Ethically, yes, and likely legally required in some places.)
But it shows how pervasive conversational Al could become.
In recruiting, any repetitive communication or document
creation task could be offloaded to Al. This doesn’t mean
recruiters won’t be needed — instead, recruiters might oversee
fleets of Al helpers. For instance, a recruiter of the future
might “manage” an Al that chats with candidates, another Al
that sources from the web, and another that analyzes interview
videos — stepping in when those Al flags something or when
a human touch is needed. The role becomes more about
orchestration and interpretation rather than execution of every
task.

Deeper Integration with HR and Workforce Systems: The
line between recruiting and other HR functions will likely
blur thanks to Al. The data and insights from recruiting (e.g.,
assessments, interview scores, skill profiles of new hires) can
feed into onboarding, training, and internal mobility
recommendations powered by Al For example, once a
candidate is hired, the Al that helped hire them might suggest
a customized onboarding plan or early-career development
path, using what it learned about that person during
recruitment. Similarly, Al could identify current employees
who are great fits for new roles (internal recruiting) using
algorithms similar to those for external candidates. This
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means the Al recruiting tools of the future might also serve as
talent management tools. Vendors are already moving in this
direction, marketing “integrated talent intelligence platforms”
that use Al to link recruiting with retention, performance, and
even succession planning. One potential outcome is a more
fluid labor market within and between organizations: Al
could more efficiently match people to roles wherever they
are needed, perhaps mitigating talent shortages by
reallocating people or identifying transferable skills.

Addressing the AI Skills Divide: As Al tools proliferate, a
new skill set is emerging for HR professionals — the ability to
effectively use and interpret Al (sometimes called “Al
literacy”). In the future, we might see roles like “HR data
analyst” or “Al recruitment strategist” within HR teams,
focusing on optimizing these systems. Training programs and
certifications for HR on Al ethics, bias auditing, and data
analysis will likely grow. Conversely, there could be a divide
between organizations (and recruiters) that adapt to Al and
those that don’t. Those who leverage Al well could achieve
far superior hiring outcomes, while laggards might struggle to
compete for talent.

Al Augmentation, Not Replacement of Recruiters: A
recurring theme we anticipate continuing is that Al will
augment human recruiters, not replace them. Earlier fears that
“robots will replace recruiters” have given way to a more
nuanced understanding. Al excels at processing information
and handling routine tasks, but recruiting involves deeply
human elements: understanding team dynamics, persuading a
candidate to join, exercising judgment on ambiguous factors,
and ensuring cultural fit. These are not easily automated. In
fact, as Al handles the administrative load, recruiters may
double-down on the human-centric aspects. The recruiter of
the future might spend more time as a strategic talent advisor
— partnering with hiring managers to define needs, using Al-
generated insights to craft strategy, and then personally
engaging high-value candidates to sell the opportunity.

5. Conclusion

In conclusion, the future of Al in talent acquisition is both
exciting and challenging. We are likely to see a recruitment
landscape where Al is ubiquitous in helping find, evaluate,
and even nurture candidates. The administrative drudgery of
hiring may largely disappear, replaced by streamlined, data-
rich processes. This has the potential to make hiring faster,
more efficient, and even fairer — truly a win-win for
employers and job seekers. But realizing that potential will
require careful management of the human-Al boundary,
strong ethical governance, and a commitment to using Al to
enhance human decision-making, not override it. The next
decade will be a defining period for how we balance
technology and humanity in the world of work. Those
organizations that strike the right balance — leveraging AI’s
strengths while preserving human insight and empathy — will
be best positioned to attract and retain talent in the era of
intelligent automation.
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